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Factors Affecting the Purchase of Residential Property for People
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ABSTRACT

This study aimed to analyze the factors affecting residential property purchasing
decisions and to evaluate the probability of consumers choosing different types of housing
in Mueang District, Lampang Province. The study employed data collected from
questionnaires distributed to 400 respondents and analyzed the data using descriptive
statistics and a Binary Logistic Regression model with the Stepwise method for selecting
statistically significant variables. The results revealed that consumers placed the highest
importance on product-related factors, particularly construction quality, utility systems, and
building materials, followed by physical and environmental factors, personnel, psychological
factors, marketing promotion, price, and distribution, respectively. Consumers were found to
prioritize quality, location safety, and clear information rather than considering price alone.
The model was statistically significant at the 0.01 level, with a Pseudo R? value of 0.4625,
indicating an acceptable level of explanatory power for housing selection behavior. The
Marginal Effects analysis showed that age and household size negatively affected the
probability of choosing condominiums, while preference for locations near the city center
had a significantly positive effect. Younger consumers and smaller households were more
likely to choose condominiums, whereas larger households tended to prefer low-rise
housing. These findings indicate that household structure and location characteristics play
important roles in determining housing type selection. The findings are consistent with
previous studies on real estate consumer behavior, which emphasize the importance of
location, project quality, and consumers’ financial capability. Moreover, this study contributes
to the limited body of knowledge regarding housing type selection in secondary cities such
as Lampang Province. The results can be applied as guidelines for urban planning, housing
policy formulation, and real estate project development in order to better align with
consumer behavior and housing demand in urban areas in an effective and sustainable

manner.
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